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Research on Social Network Public Opinion Theme Map
in the Era of Big Data

FENG Zi-huan LIANG Xun NIU Si-min
(Renmin University of China Beijing 100872 China)

Abstract [Purpose/Significance] Public opinion theme map can realize the formal description of the
interrelationship among public opinion events nodes, and the construction of public opinion theme map is of great
significance to effectively analyze and solve massive, heterogeneous and complex public opinion events in the era
of big data. [Design/Methodology] The current research status, the theme map construction, and opinion regulation
of social network the theme map in the era of big data are introduced in detail, and on the basis of the construction
of the theme map of public opinion, the technical methods related to social network analysis are used as a means to
dig out deeper knowledge associations and broader knowledge categories in the topic mapping, and to analyze the
theme map from different dimensions such as key nodes, key paths, and trend models. [Conclusions/Findings] Finally,
it explores the effective management and application value of social network public opinion theme map, and
analyzes the scientificity, effectiveness and applicability of the practical application of social network public
opinion theme map in economy, politics and life.

Key words social network public opinion; theme map; map construction; pubilc opinion control

[YcFsHEA] 2021-10-19

[(BEETB] ExARESESITH (62072463) ; EFEARIERESITH (18ZDA309) .

MEERBN] BT (1998-) B, hEARKEGE BB U4 408 (1999-) %, hEARKZEE B 2B L.
[BEIEE] R (1965-) 5, PEANRKZE BB #EZ. 4142 3. Email: xliang@ruc.edu.cn.


mailto:xliang@ruc.edu.cn

- 20 LT A K F R GRAHR)

% 24 %

518

Wt LR ) 1) DR A AN 7 I AR 2R, A
AEGEHARE . 7055 AU BT IR A AR
APERI AR, AT AR DS RIS 3L = ki 4 1
AR, A b ) 2 HEATAC R S v . AATTIE
A IR 1R A5 T BOR A AL e SR A TR S
MR, XS T BRI S A, B
PHRAFEA . mRrEeR. B AL, A%
PR AL Ry A E Mo 2%, RER KN H48
W28 B fR B BT sl ) ) T 5K 22 a2 B A
AHEEFE .

BRLTYG 70 P 3 — ol AR RIARER AR A A 9 2%
SRLG Bt A SE At FLREA T v SCRRIBCRIbRE M4
S 10 2 e KA SRR AR AN S AP o SCOQ IR i A
2% BRI LLSERT BT A R i e SR A AN T R
P (R R A DAy A A 190 2% LA 3 i 1 % 10 425 4 2 3t
RIS, B SEEG FHAFAN G — D) S I
MR RIAT AL A

MEELE cdhs < B A 5 1 BT A O
AT B K B R S LI R K E s ) — 8 23
HATJURF R o A1 AT 109 2 BRLRG B2 AT i & )
Ay M BRI SR RREIE, DR IR TR
Bz, AH S e X eilg i, A, .
20 0L (A SRR DR USREAT AR, Ay SR A 4
(R PR AR Al o AR SR AL SR AT O A i 2
AT PP JRCEE, Ak AT 190 208 SR K Kt R 41 23 m] AR
PRAE s AR 1 2% SR DR s R P Frg A st
AZ W4 B KB K e T A 27 . (A,
A Ry S A A 04 22 BELR K0l 3 P 1 o Lt AT A
28053 TS R 2% A A R () S B )

AR CABRLG AN U B D O BERIE 4, S
SR K 2SR e 2 YERIBME . 2T
(i, 5 SRR A EL L A s BN e R
AT SR 3 B RS S R, B R 1 B R
VBRI SE ke 22 5 T A 2 KA PR T 1 Ak AT 190 2% SR
5L P AL SR 0 A R

— KBR300 4% B = R [E] i
HIEIR M IR

(—) . AXMERFE foinBE, R
P 26 St 2 ALH

1. AEAS M 25 L

SR 2 FR AL — € B A2 (Ve Y, A AR

XA oA 1) AR S R AR TR A I — A
& BN 25 T HY IR & A L 5 0 i) FAE v 33K
K = RN ZS BRI, A X 2 B R
RAEAEAS & FX RS AL, IS 2 Ak
HA A TF R IE B F A m) PR R0 — 58 R ) 1) e
SEMES

X AEAT W 2% BRAR A R A, RAEFTE SR T Y
AL 2B AR AT R RE AR EEK . H o, T 2%
AFAE—E R IR RE AL H AL AT 100 245 11 78 o 3 Lok
B, B IR IR ok i A, B
BRI AN /N B s AR i, AEARAT
b, CHETEIRME, RERHIMTR — BRI
P (IR s N BS . BAR AR AR AE A, B
TN FE B AL 25 W 23 0 5 BEAT SEIF R, AN R 28
SRS 3 S M 2608 5, IE TR EEMNE AR XA
IR = AN @ AT, (A6 1% 5 U AT RS, mp
WG B2 K, R 2 .

2. ARAT I % B 3 ]

IR P 2 — > AT e M 1 S Al 1o ¢ SR
MR RIREIR P, DARE 5 T AR AR I S 7t
(RS S HAH HOC RS . HAYERA MR 7L B
] T AY R B ) EA A, R A Google
[\JKnowledge Vault",

oy R A ) B B R AR, AR
AR UM%

(1) SEARNT 3 B SEARHI IR 7740 A
=R BE T RN I TR BT G LR
MIHT7 TR o T R RO PR S Al ) A
RS PR ELIBR W TE R o SR H— 5 R R T B AT S
O o R PR AR, A W Y
LSS RN E S, R R T, W
SR H B 1 8 5 2 i 7 A I AR -2 AR
TP ILRA s 0, 72 A — AN s )™

(2) BESAREER . PRk E ) H FR 2 M
AR SR TP R SR S SRR S8 A R . X T R4
FIAG IR 23 T 8Cas AT LR 25 0 A B 46 o I 25
LN, R I 25 L Ok R BB Y H T E 454
AR S AR PR s 58 AT DUSR B 42 9 1 7 %
MK S R 2500 rh 4 S A S 1 5 Ja 1 2 TRD PR 5K 3R
B,

(3) TR R XTI EOC R A, 4
BATSE G R T IR T R ) Twitter I /2% 20 T &
Gl BT R IR 22 GO G B TR SRS L A
TR AL ) 23 B 4G

SRR R S A I B A . K R
I F BT BT BGCILRC I 7 ik, BT



%24 %

BFAE, F REAETRAGAL TR &R

T S SR R e T IR R, J
Tk B2 (bootstrapping) /73, T e
W58 (distant supervision) {7 yEP %%, I H il
Ik RIR G 2R B ) i 44 SRR RAD K, B HCRIR
R ETIREE ) o

FITR BTG A A0S BRAE N TR ) — Tl 25 46 AL A
h, ANCRT DIAR G i 5 B vF S LREAT V8 SO BEAR
N THAREE R Z . SUARERS BTS2
T, T LA 0 R s A g 7 A G 1R PR P o
RO A v 7 L IR ARG o sl R A Al £ 1)
PRI, AT DR G b N F T 52 2% 20 i AN e S 1) 3
50 ZHARTE ARTE TR, HEE RS WS
M BON 7 KA RIE S W 2 v AT R I T A 5
Wi g R R PRI, FRATTAG S G R A AT 199 2%
B A e VR P O ) A 2 5 40 #T o

(=) M EAEEE N INMFRIIR

1. A28 BELAS p Afr D7 THT

fEWeb of Science™', Kz KB “public
opinion OR public sentiment” , & FE I [y B 4%
(web OR internet OR www OR network) , i [f]i#
JEH19504EE A (2021-09-04) , AR E9 9655
WP TR L 3L

MEERL AR 2 B, i) W 5 | T AL
Bl AT R Ha2E, e, TR, iES
UL S8 AU T R 2 I D)

MBEFEE AT OOk, W TR, A5G
W RSP REL EEL Y. N
ER EEEEK.

R

296% .
BAF — ’- ,
3.26%
RRFNT
3.30%
i ]
3.38%
PN Y,
3.67%
VHYEF

4.00%
B 1 5T M4 B HIT 57 6 | 5% 23 ARt
MBS TR 3 A AR, 3K T LA 9 285 B 3 R b
2P [H pR2EE O, WE2RTR, RAE20214E K
SCRERIE ARG 5E, 2011~20200F— B 2 BT
A

EAE AR “21-
1400
1200 | * ZH G
1000 |
800 |

600
400 r
200 r

0

201120122013 20142015 2016 2017 2018 2019 2020 2021 (4F)
P2 DG T P48 BELIE BT R IRF ) 23 AT bR 00

BN AR, RS, ik, RS
X 4% BELIG AT T BRI 28 2 AR T 7
W2 L X LA L o 4 B N I 9 o BT
W57 5)) W9 2% (R AT A B AR GO TR, TS b
LR, SRS T & LK)
R o BER AN R IE BRI W IR S [ T 2%
Xof RS I 4 B (R DG . TR “NS I AT
“CHLT IS TSR] T AR HE N N 24 BRI (1 E 540
B, HESZE B TR TT 10 K.

2. R B T

7EWeb of Science™', K @A “Knowledge
Graph” , W HEEE H19504 424 (2021-09-
04) , JLKRAN24 2515 W8 3.

MEER Ak, R EER 5] T E LR
o MR, TR Bk, &ur. BERURE K
FEMEY)RE . WIEFE W mtE ook E, W
BI3pT7N, AHCHRSUH R R TP, KE., 48
57 E5 NI 7157 N 65 I | oy N E

At

ElBE <
3% 23%

ki
29%

1
6%

SIS RIS M P G e TR TN

MBS TA) 3 A1 SR, 3 JLAF TR % 3= ok
B R2EE O, Wik 4pR, 2011~20194F
—H 2 LTHRER, 20208 K 38>, HIPT
RCHA L2 50055 -



<22 o HEKRFEFHR (BFR) %24 %
3000 G155 B N6 I OT R

[+ S ()

2500
2000 r
1500 r
1000 r

500

20112012 2013 2014 2015 2016 2017 2018 2019 2020 2021 (4F)
K4 ST ARG BTSR[] 40 AR
A SR o e ) e R o R SRR, A

KCHFFSETE . HAT, FR SRR T 78 Bt
SEAEAT BT AR A, IR [ HoA A
Bk Cnsh SEHLEME . A e . A
B, Abgest . REASD ¥R JFHEE TR E
R, HETORCR SO . SR
o AR P N 3 B A A T R £

IR iR s8I 3l hve S e S NI E Y v T ]
R FH R e T Jt B MBS A ) 2% SR £ R EA T T 40
PRI BT IR 5T LA D o

3. He T AR AL 53 BT A OB BRLRG 3 [ 1 42
]

MEERWT 5 AT, DA N TR REROAR K
Z LB IKEN 0 T, H T8 B AR oH SR RE AN
BfE. R — RV IAREEM B Bt v 2%
PRI EAT 2 ) B e, AR B 3 1 B0 e
S I RCRAEE, IF HX A5 Ul fre ok
7, AT . [FN, BRI 2 ROR E
NI W R e S8, IFABIUA 12T 4eit
MIHLES 5 SISk . IR PE S 2 BOAISRE 7 24 KR
PRt S, i A ] B R e s 2 ] A o AR
ATHERLAU AT DA 2 o IXALAR W ST SN it
IR TR BEA N % 5 BRT 71 50 38 fig B ek
AE, TARSCHUERE. SR, ATARRE. WHERLZ U558
LN TRBERSG, KA B S ZE T i)
ISR BEAT 45 5 A4 2 A Rk $e . flin, FEREAT
RALZ IS, TRAFRERE R NG Rs 5 sl ph s
WIEE BRI R, w LU FIF ORI SR O AZ /) 45 45
P PP AT T SRR, AR Y R0 2K, Ak DOAGIN AN
BRI (e, I LA P Sl i 5 B HEAT R
BT AL R APERESE 4, AETH S SA AR Xt
(DR N R i R D A= R SIS L ES BN
ZHBIA, 4 Tk 55 B A0 53K ) B Htfe 247 0
boy SRR MY, WA o A, T ERe

4. [E N AR A4 b S 2 35 A ORI 5 T

A AN Facebook . IR, AR, Toiti
AN A G A AR B A i S N, IR AR
TEM AT AR OCHIE ST, FRAEREAT AW 22l
N

HAE20134F, Facebook st #fE i & 154% 2% (Graph
Search) , Graph Search /A [r] F-Google# 3 - B 7
VCHC 9 % 7730, Graph Search ¥ {415 K 748
%, SN NEEZMRNFY U RS RTEA R
I, AR Google ™ 28 45 SEASAEAN S 7 AH OC W it i
$2. {HGraph Search 184k T L35 B 0 I & B B
A VE 2 ) R A i U

I THAE R ] N S KRR R AL X, A 22 2l
RNV S 7 T ) 2 A5 B A R o s TR TR P
(Tencent Knowledge Graph, TKG) & —/MEK K
AR BV RN T A S B T AR i — 3k
KVH. TKGIAFEERINHg S, WRER. V)
WEW e A5 T T ANz 22 A, FAT]
GRS AT AL AN S oy I ANE S5y AR 6 T AR
s rp SRR ORI G R, R IR rh R FE 42 4
KRR R, HH KRB S, $AT A
BRIV A FIE, A ) S s e LG RE T A )
M JEHE KRR DA R O il w4, AT B
T b T I R A B 3 5 BUN A5 10

SBIR IR 2R A Pl 4 R AR IO I 5. 5 I ]
I, AR R AR ) — LS ), TS AE R
R Z A, AN AT T 2RI
R i, —SC2z 2R A A X i A4
DPVEFFEE R I AR . AR . N AR AT
T 205 T I A e B S R L
AT FEAEIE, AT LA 0 8, 3] DLHE
ff A7 BEAS 32T 1 = DA AT A SRR
VR Rt — 20 b A 1 = R 5 9 7 AR
T R A T A B AR, RO T AR RS AR B
PP IR 3 B AR 0 DL SOR AR AR () B A R A R,
] DU G b 0]l T BG4 PR AT S I A
a1 ) A A P 2 P LI AR P, T ER A A
[F I PR, IF DL 1 T X DR B 2% 1) 5%
R, AIFAE SR TN B30T LS AR Hb SR &
PR, 0 B T gk — 2 Ht

. REURIR BN AL 3Z I 4% B 3 R E
TR ST E L

BRI 3 00 Pl 38 PR A R 1 AR i, XAt



% 24 %

BFia, F KBEIFROARIR % IE A A ST 23 -

AT RGBS S KB . Bhasfl. B USRS
ik, MAEAZ 94 22 SRR KA SRR IR T R A B TR
Mot A, Witz a, REFIIESERE e
AL 8 R R EAT S, WA SCIR R A KL
e GBI R A AT 0 % B 2 AR5 £t R BT A
BRLAR 2 A0 P 3% o B A R A AT RO AR
o IR E s SR B PR A A 190 2% BT 2 A i
(IR BRI TR, DL SERRIE T 412
90 26% SR 8 P % (KD BRI O BT AN HE R 3, i A
SRG . PERERG . RN T e R)RmSE Y
JEISF VR AT AT A 26 BELAYy - A0 P B £ R 4 e, S IAT
AT WA B IR 2h A WOl 55 % AR, Gl Ik B G
PRI, S RBUF T 1R RS % .

= REIEIE A4 32 P 4% 1 £ R [E]
& FIRR R

Fhos W g T B AL R RIS 2 . AR IR FE TR 1%
FRYGHE T, AT 90 28 v BeLags 1) B 47 0 A 2 o [
HMeo REMEM ZRMBHRS AR, bR
KT, JF HEEAE R R AR . B s, K
PR 2 TR ORI ) B T BRI K . AT AT —
T A2 M 4% B RGHIAT — € HIRP IR, X4l
BT MeRE . KB SR HdE i E O 4
ATLLIA 2 H T 2L Eo, I HEIRZ R
TR BAPESERRE™ . XL IE R T RoR
N % .

FIR R 7R 2 ) AR A A - B i s A
RULEPEREIY | fP sk i e I 28 A0 L o A
AL PR SE IR ER R IR v A R 5K
5 R R AN BN ZE 0] S 2= (A, Wi TransERIRY .
5N A AE Trans EAR R (1 it [ 1EAT 40 R Bl i idt
NANTE] #1 5 S5l A e 5 2 0% 2R @A ) /), SR
Z R TR R IR SR SR TR G &R, Al
FH i 35773 A (R 35 4B 3 7= SEAA B 00 ZR A T SO ) T i)
HULAE, AT 22RO SAR O R A E 2P,

M. REREIEEN 4t 32 N 4% B 1E £ R [E]
T S AT HETE

(—) B34t LA7

A 22 BEL AR o A A PR A T o DR B I ) 324k
SEARHI A, DB TR P R A A
SRR, HIEEE, F RS WS
AR B R R

MIEHE B, SR I SR 1 E A RUR
SRS 8 = ISR R SUR AR EANR T
B MEREE SR LR RS, RN 3L 5
POCHE IS JE M LR 2 8] R OGRS
R P P BB SR VR L B A S A
A E AR IR R 7 WL A S AR S
ST S B O R R AE N T T A BT 58 B
(K)o ol 2 10 SR R 2 SE T =T, g
B A BB AL Tl )= B —
SO IR/, R H DL E 31007 58 K

(=) Bie)seindee

SR VR B R R P i A S By A o P T BT
RHEIAAT o HRHERLE 3R R TRZE i A 1 22 0 52
R REHE K, R TF U HERE,  ATH &R
HOR BB AR, R BT 3 CU A SR T) B R
A, BHGIT I =oudl, i A A= IR S
M HTRHER, AN ORI R (7 i Y

SR ZEAE R AT DL o3 D0 B A5 12 B 1 HE LA I
TEIHER . S TS (OHERE— B 2k T2 Mg iR
o H IR FE AT S IR T DU ] —
SE RN AN > A PR R e o v B LB ) S 4
[9GZR, 3] DU SR 1 i 0 4T 32 4 A b RAS I
HE T B HE BE 7 95 2 BERE Tl 28 4 2% B T e Path
Ranking 5%, 40, w LIRS P> 544 18] () 343
BARR T A AR AT R TR R

(=) Bim ittt

ISR R RRCRESSIRAVE Y (A5E X s NHOE -4 W
Ire ITECREZRELICHIN, iy H 32 ey Boh scAk
BERARIICP BRG], A7 I AELIBE R 23 I St b i 2
RIEIOCEAT AT REAFAE L8, Wde i, 3k
BELNPIAVIE ST E S NP AU R SIAC i 22 R 2l
RN R B2 B TR ARIE R ISR A
FARPEZ AT, 5 2 — DRI i R . L i
VAL, BOE A R A B R AR AR R SR ]
fRRE, & BAR BRI AR, R ORBE SR 5
LR AR E S HERL e ). BEA AT M S
AR RS AR K3 2, Hicdia m) (Kb ¢ H a1
%, MR BRI TV, T R R
A EEE

B REIEIR A 4L 32 P 4% 1 £ R [E]
TEE

Pl A 3t 1 KB X ) A o) 2 R R
VAL R AT RS a2 19 29 BELNS K Kt



24 - LT A K F R GRAHR)

% 24 %

AT AR 7R RIS SCOCTR, ) g 1o 3¢ B K8 1k
ATFIRALER, s SORIBR I 7 aa 2%, B2
LA IR A Bt TR, O B AT 4R A EAE
o DURHUBER SR (KAt AZ 9 2 LR K D Bk, x
SRS Bt AT 1 SCHIIBCRI bR, f it — AN i O
AR BRI A M S AR SOORHAAE 7 4%, SEBIL ER
i 37 AP e 1) SR AR P (R p g, A AEAS
19X 2% SRR 2 AL PR 05 PO A2 A (AL MG R S8

(—) BIFERELHELAZRA

AT BB R ARG ILE
IRAF AT AR KRR, oAk A A 4 BRLRG ]
WA R AL AR S B S
HHE AL LS, N FARE S AR SOARIZH . 1
A SEARVRRB A TR B, O T A 42 4 1
iy 44 SEAR IR DR AR AL & il 5 PR AT, DA
IR B UM A AT A 2% SR s 1) S AR A4 R BOR
PhL SEARORAR L SRS S5 TE SCA 2

Forp, i 24 SRR 23 S AL A8 I 4 BRI
AP e sl T R PP R G B PEBOR . DS iy 44 SR
PUNAR R S, SERU T LR S e, R0
AR LR NE D TR B RS P
LAT A VU A AEAR KA IR, R SO L A7 44
AT R bR MHIRIZ % 2 U5k, Al et
WA A ke s RN AIH B R SCRsi, sesy
AR FH X B ARG Y e 3SR I2 F U i) L

(=) B XKIKEE S AFiE

OB AR . SEACORI . SR MWL . Sk
SPRIHLES 27 ) SRR, Ry Ak A I 4 B K
KOl B VE SCECHe A28 W % SRR A o 10 S A
JEPESF X R Z RIMIMPOC R PR R S I )%
Ay MURR ZHRREL LGSR IEATHR
o PRESERUG, B TABLE VIS HUHERE Ay
VAR, W SRR IO A IR, kAT ) 4 B
REH 1T SOORIBRHEAT T IE, - NI A B — AN AR
2% SR KM SR I A 45

v KBURIEARH X RS £
YR

P 2 BT e K B0l S 50 P A A 90 2% R 1 it ]
DAL AT 7 SRS RO BEREIA Y, 32 RO I X AR AT
245 BELG B % 10 0 BT R T VR I, AR
T RBEERAR . WIERE R ) o i A S T
S5 20 A O PR A AT 94 296 BT 3 T AT A TR
(T, 38 BPR s R AL N R H . it il X

ORI T 2%, X A1 AT 190 % BRI 3 R T 5 DG e 1Y
R RBEERAR 28 5 K053 ) g 23 A R 34 Tt &5
AN S HATIZ IR AL b, PR AR B 1
FHSEAR B E5G o B ANHERR T35, 38 B T rg KA B
R AP RISEARIR BT RE P 55 SR IR A1 AT 100 245 B 32
AT R B H

(—) X4 EoH7

T AR 0T 19 % BEL IR 1 A I -5 PR i 4 o 7 L
TE S “IER, ESE. & MmN, A
TEXT B A A F I A I QBT R e AT o HERS
BN HAF RO I A X HAE AT A A 5, LA
PR BRI A 36 w1 G (R 1R 125 BB T ) T 2 O Bt
PiAE.

X5 4 R 51 % Google fBaiduk i,
Y PR R DR A A B AR A RS B
W, TR ERME RS, AR KRR R
MBI AE R, A ME R SR, A&
B RIFABAR . T ARBAHZERER, HAER
AT, BN AR BP0, S 38k ).

W FAR B 5 N DA 58T, Befg B 2t A
K2 (/) 1 0 0) T TR 500 v ey ORI A B L N 1) 4
JafE B, FRE . WA R AR TE
g, FELLEARTE AR B, SRR
e VAU B0 i N 3UE RO, RS
B e s sk B s BRI T R] . Fader®% LAt
I SCACHBAREE, AT —F AN E AR,
M ZKER S HFM NYINE SN B
SANEREHATIEY, RFFORA T N TR TT A
TR NP R AR e H bl s S as™

BERE OB s AT 2 T RN R S 0 AN 42
i, 5T e B XU N BEREAT A ER R . T,
A A AT A R, T B R A A
TG [ra) RO AAAR B ), 58T A S AR 1 IR e Bl
DAASE A ISR EURH S48 it 5 07 1 B

(=) REERZHH

ORBHE AT 73 BT 32 BEHR R A X 485 B A2 20 AT 5 I 5%
FEDXAr AT o AR PIZE I AT AR O A2 AL 2 I 5 )
R IXEEY 0] DACER AL S T R4, A
AN W BERSE . Y AU R R RN T m 2
BRI OC AR, 19 RURA AR AT D0 R A i T 4145 Y
“o (EALZ AL, NN RS Z RN Z AL
[FINF S, AH R G rh B s s W e & il m) —
HE HATMAEIT, R PR ] ik 50 B s Ak
MO ECR AT AR B, S EEIPATRCR, A%
JE AT AT P 251 s R 2 i 1 TP IR A 2 S 1P



% 24 %

BFia, F KBEIFROARIR % IE A A ST 25+

HOLI B AR > M A B A R R AR
o U B TR

(=) WML MZahair

HEAZ W 2% 550 J ] LA ™ 22 18] A4 A 5
PRBLHIK,  ZRBLUG AL (A7 4 RS AR S 52 Al S
R S LA R Y AT g A0 RELREURE At PR S i 17 400
FEARAZ M EE 3R, SIS P R AR 7S o
Ak M ZE 5, 4 R AL T A L A Je A
L, SRR BT AL AT 9 2% AL R 1K R m R
A DA i BT RS A AT R,

WAt S 77 B VEAN i mT L o3 s PEAT 2 B
Ffto R PRI VEH 7 v 5 AT 1) 2 T AR AN R 2l VY
Yo B AV 7 IE T 2 BRI A AL R B
Ffto — Aol RIHCHERZ OB 2, IR R R
FK o Pl (R ) RO, D sl iy K, 3%
Wl B 24 (A B (R

(w9 ) A2 HARR 547 HEFAR

T B R 2 70 P 3 A A T RS T ) — AT 2%
R 3o T M BG5BT HERI  1EH
SR AGETE . T, T BUR R B fE LR
AR o W2 SRR IR R e — SBUAr AR BRI 3
R T TN B 0T 2 BRLGG A AT
I, P BB HER A B E 5 28 i A S A N
NI E B Ipi . DIV E B0, 15000 A
EETACATEM, Ak th i ZHA 8
AR ARIATE . AP b A B, Al

SRS BT T R R SRL IR R A AL S R IR 45k .
FRHI =AM i, 5838 ARG BRI,
oy 6} 5 i

A7 23D ) 258 SRS TR AT R BRSSO
FRE 0% AR AR S LR A YT IR 1 S AT
W, ATHT A LR SIS R T S WAL, A7
AT SRS G LI T 5 B R S I Bt

U 1R W0 48 BELRSTIEN 7 T, 2 B AE I [A] 7471
BRI M LA b, SR T B2 05 0 ST R S Y
Je I E AT R T o ) 5% BT T A O B A
T 5 B LT GE v S R TR R L T LA 2 ST 1Y
TR TR P Aot 515 A2 194 296 BELISS F0 2> e A0 1 32
TR

[
B ot R AR

S
Bl s R

::Iﬁﬁifﬂawﬁ
7\

s .
H5
1§;ji i

P 5 o 2 SRR TN 73 A itk 2 P

£ ABIREHAIFRZ M FEIFEES
R R =

SR )8 472 /2 R 25 A0 1 TR A Sl R 2 SROMGS (1 A
Gro FET LA 2t B TR, BhaSTR AL AT I
IRPRAEHFAL, PR AL A I A B TIUEA Y, SRR
BERANTR A SRR A AR R AR MRS TR, $2 i
(138 A RO R RO L BRGS0 B 3 i
FESRMG, JFAE = ARG L, 3R Hh SR 4 e aE v i
PESRmS . AR A B R LU SO A8
A B R IE—— M $2 SR A %, AR LA
A FER,  BERTAE AT 2% SRS (AN RIS AIE, - $2 AL AT
0 2 BELIG 11 I 2 FR) A 42 SR B A 4 SR R
FILR 7 SRS e i AE = (XA bt 4 SRR v O
PESRING, TR B b AT 4 258 SR T2 AL L R
I, 4Rk HE P H .

LSRG RS, AR BRI SN ATy
TSI AR Y (BRI, A NI A ATEUR
SRR R IR AT IR S5 o AR Ecdh S A i 4 73
Bt (KA A P 4 (i SRS K, G A At
AZ A 2% SR T Ol 2 OBUR B AL S 11
RAEM R PR a8 T S B 1Y
KILE P HTIRSS,  LAFE B BUR SR SCHLA T fifdkr 52
SRS HAF AL IR B AR . AR AR S RO R IR B
Peo MARAFID S, W e e i, i
T HBUF AR B L RO .

(—) BFmglis

20 9 % SRLISG M0 ) 6 AR I3 A 45 T i 2
e B AL, IR, RIS
FAUHRL L S B A AT A A e i A, AR
S R FRYES B T il A 7 2t 25 e ) e ke 4 3 )
YL 3, FIWT 4T 2 55 T8 S MBI R R 28 57 K e 5
PR SRH  BAL R B BT o M AN g T 4y
BT AV BRI < i e 55 55 15 T B i RS Aok
AT IABL IR DAY, I R AR R ORI AT
Pi~ BEREERT s BNV 32 2 A IS Ak BB
AL RIS RESE, DL S WA 2 B K IR 1

A, A LR WA AR AS IR AR ) R IR R DG R
ZL 7 T ) A A A R 20

(=) &@&E 6 BUF SR8 2

AT B R A B AT DAY g = AN SR
PUEPHE . R SRS U B N R AN, i
TR T A ) 28 B AR, IR AR



£ 26 LT A K F R GRAHR)

% 24 %

PRS2 BN RAL SR G R ks . KB =T
LR BUN IR A N A Aoy I 8] AR 7 o AERRAS
RS )5, XS HATIRER, RRERAE AT A
BAMARAL, LB T DRI A A LB A
KM o PRS- 2 A5 R .
TGS, B BURF O PSR i SR
B B 5 UM B 2 2 AR A EEREAT I (L
Fa), O AT S AR FR T ARG DR o A a1 1 BB
(IR HN VR B H AR T 5] A I ER AR 4k,
BRARAN RAG B At Ot =, Bl ksl bz
NI 2 R IEH R AT

(=) REFMHME

MR RE RGO AL R EH,
SIS0 e SR U LR A TR RN ORI, S A
P T DA o R Pl 3 v (0 e R R T
(G PSY i NG & R N B S PR
MRKFAFRIIEFENE, A LEL TR 5l
H AR EAT AR N F0) 20 A R SR R 4 BELAR 3 UK
B RN FREEER, BT ST
H S U

N BEERE

RS SR KA I A QR AL 2 100 4% BRL G T 7L
AT SCHIREEAT T BON Al iR 45, FRAERE L
fili b XA A A 2 SRR R A A AT S R
TFRE T VRGN e DORBETT il RHE AR %
Y 255 AN ] G 8 0 A Ak A ) 2% BRL A I 9 ) %2
JLA T AEHE R R U TR RIS ) L
Rl AR M 4 B AR AN I, I
SEL BT AN 51 G R 8 R R SO S
I

S5 3R

(1] WP, BRAm e, 3 9 4% B ST 6F 98 2755 [7]. 1
WAL, 2016, 34(12): 156-160.

[2] 254, BRERG . S8R n SL A 0 4 B B S SRk [D].
BB EIR AR, 2014(2): 111-119.

[3] BRAE, 06, Bridk. W45 B I o i R G %ot
SEBCL. M =R A EE B RSN AL ARSI,
2007: 54-58

[4] BRAN. 122 W) 45 BRI ) 7 32 R I ol g o B BRI 5] 5
HIEHTSL[D]. KA RO, 2021.

[5] MRy, 2R e, TR0, 2. FELRAt 2 I 4% V2 5 0 I 4
[T HHEHLEER, 2018, 41(7): 1648-1677.

[6] X, Z=dg, BEaz, 25, iR RS BB R 43R 7],

SNV TS KR, 2016, 53(3): 582-600

[7] DONG X, GABRILOVICH E, HEITZ G, et al.
Knowledge vault: a web-scale approach to probabilistic
knowledge fusion[C]. New York: The 20th ACM SIGKDD
International Conference on Knowledge Discovery and Data
Mining (KDD'14), 2014: 601-610.

[8] #hEEL, £ 8. iy 4 SEAR R BIT ST R L7k [T]. IAR
B35 AR, 2010(6): 42-47

[9TLIN' Y, LIU Z, SUN M, et al. Learning entity and
relation embeddings for knowledge graph completion[C].
Austin: The Twenty-Ninth AAAI Conference on Artificial
Intelligence, 2015: 2181-2187.

[10] #71, R K, . TT IS B AT 5T 3k g (7]
thCE EAER, 2014, 28(4): 1-11+36.

[11] BANKO M, CAFARELLA M J, SODERLAND §, et
al. Open information extraction from the web[EB/OL]. (2016~
03-15). https://www.docin.com/p-1489469183 .html.

[12] PAPKA R, CROFT W B, BARTO A G, et al. On-line
new event detection, clustering, and tracking[EB/OL]. [2021-
06-08]. http://citeseerx.ist.psu.edu/viewdoc/download;jsessionid=
0EB104652B9EEASE4DFDC776A5BF7318?d0i=10.1.1.50.31
92&rep=rep1&type=pdf.

[13] WU F, WELD S. Autonomously semantifying
wikipedia[C]. Lisbon: The sixteenth ACM Conference on
Information and Knowledge Management, 2017: 41-50.

[14] E55, WRA S, BHEOC, 4. S T3 RS 1A
2RI, THEAUIT TS K R, 2010, 47(9): 1567-1573.

[15] JOSHI A, BALAMURALI R, BHATTACHARYYA
P. C-feel-it: a sentiment analyzer for micro-blogs[C]. Portland:
The ACL-HLT, 2011: 127-132.

[16] WHHEAR, FT, PSR, ST 2 R G5 #4122 Sfm vh 3¢
TR R AT AR AR (], 7P SO B2 AR, 2012, 26(1): 73-
83.

[17] MUKHERIJEE S, BHATTACHARYYA P. Feature
specific sentiment analysis for product reviews[C]. Berlin:
International Conference on Intelligent Text Processing and
Computational Linguistics, 2012: 475-487.

[18] MYLOPOULOS J, BUITELAAR P, OLEINIK D, et
al. OntoLT: A Protégé Plug-In for Ontology Extraction from
Text[J/OL]. (2003-01-01). https://www.researchgate.net/
publication/277285900 OntoLT A Protege Plug-
In_for Ontology Extraction from Text.

[19] HEARST M. Automatic acquisition of hyponyms
from large text corpora[C]. Nantes: The 14th Conference on
Computational Linguistics, 1992: 539-545.

[20] XURE, B 2T Gk AT SCHIBLEE T
HIC). P E G Ib: 5 = MDGERCE X 2EHT 4, 2002: 59-
76.

[21] NAVIGLI R, VELARDI P. Learning domain
ontologies from document warehouses and dedicated web
sites[J]. Computational Linguistics, 2004, 30(2): 151-179.


http://dx.doi.org/10.11897/SP.J.1016.2018.01648
http://dx.doi.org/10.7544/issn1000-1239.2016.20148228
http://dx.doi.org/10.7544/issn1000-1239.2016.20148228
http://dx.doi.org/10.3969/j.issn.1003-0077.2014.04.001
https://www.docin.com/p-1489469183.html
http://citeseerx.ist.psu.edu/viewdoc/download;jsessionid=0EB104652B9EEA5E4DFDC776A5BF7318?doi=10.1.1.50.3192&rep=rep1&type=pdf.
http://citeseerx.ist.psu.edu/viewdoc/download;jsessionid=0EB104652B9EEA5E4DFDC776A5BF7318?doi=10.1.1.50.3192&rep=rep1&type=pdf.
http://citeseerx.ist.psu.edu/viewdoc/download;jsessionid=0EB104652B9EEA5E4DFDC776A5BF7318?doi=10.1.1.50.3192&rep=rep1&type=pdf.
http://dx.doi.org/10.3969/j.issn.1003-0077.2012.01.011
https://www.researchgate.net/publication/277285900_OntoLT_A_Protege_Plug-In_for_Ontology_Extraction_from_Text
https://www.researchgate.net/publication/277285900_OntoLT_A_Protege_Plug-In_for_Ontology_Extraction_from_Text
https://www.researchgate.net/publication/277285900_OntoLT_A_Protege_Plug-In_for_Ontology_Extraction_from_Text
http://dx.doi.org/10.1162/089120104323093276
http://dx.doi.org/10.11897/SP.J.1016.2018.01648
http://dx.doi.org/10.7544/issn1000-1239.2016.20148228
http://dx.doi.org/10.7544/issn1000-1239.2016.20148228
http://dx.doi.org/10.3969/j.issn.1003-0077.2014.04.001
https://www.docin.com/p-1489469183.html
http://citeseerx.ist.psu.edu/viewdoc/download;jsessionid=0EB104652B9EEA5E4DFDC776A5BF7318?doi=10.1.1.50.3192&rep=rep1&type=pdf.
http://citeseerx.ist.psu.edu/viewdoc/download;jsessionid=0EB104652B9EEA5E4DFDC776A5BF7318?doi=10.1.1.50.3192&rep=rep1&type=pdf.
http://citeseerx.ist.psu.edu/viewdoc/download;jsessionid=0EB104652B9EEA5E4DFDC776A5BF7318?doi=10.1.1.50.3192&rep=rep1&type=pdf.
http://dx.doi.org/10.3969/j.issn.1003-0077.2012.01.011
https://www.researchgate.net/publication/277285900_OntoLT_A_Protege_Plug-In_for_Ontology_Extraction_from_Text
https://www.researchgate.net/publication/277285900_OntoLT_A_Protege_Plug-In_for_Ontology_Extraction_from_Text
https://www.researchgate.net/publication/277285900_OntoLT_A_Protege_Plug-In_for_Ontology_Extraction_from_Text
http://dx.doi.org/10.1162/089120104323093276

% 24 % ¥,

KA YE BT 8 AL W 24 S A A AT R <27+

[22] KUREMATSU M, IWADE T, NAKAYA N, et al.
DODDLE II: a domain ontology development environment
using a MRD and text corpus[J]. IEICE Transactions on
Information and Systems, 2004, 87(4): 908-916.

[23] WU F, WELD S. Automatically refining the
wikipedia infobox ontology[C]. Beijing: The 17th International
Conference on World Wide Web, 2008: 635-644.

[24] BUNESCU C, MOONEY J. Subsequence kernels for
relation extraction[C]. Vancouver: Advances in Neural
Information Processing Systems, 2005: 171-178.

[25] ZHANG X, ZHANG J, ZENG J, et al. Towards
accurate distant supervision for relational facts extraction[C].
Sofia: The 51st Annual Meeting of the Association for
Computational Linguistics, 2013: 810-815.

[26] WEI X, RAPHAEL H, LE Z, et al. Filling knowledge
base gaps for distant supervision of relation extraction[C].
Sofia: The 51st Annual Meeting of the Association for
Computational Linguistics, 2013: 13-17.

[27] TAKAMATSU S. Reducing wrong labels in distant
supervision for relation extraction[C]. Jeju Island: The 50th
Annual Meeting of the Association for Computational
Linguistics, 2012: 721-729.

[28] B AH AT, TR AU, A2 INEH. 2T CiteSpace# B P A3
DAFEEFT TR S [I]. BT 2 Be 22 4k, 2021,
41(5): 114-121.

[29] i, FEHE- AR R R A R B G B R
B[] A S E g, 2021(7): 50-53.

[30] MOLOKWU B, KOBTI Z. Social network analysis
using RLVECN: representation learning via knowledge-graph
embeddings and convolutional neural-network[C]. Yokohama:
The Twenty-Ninth International Joint Conference on Artificial
Intelligence, 2020: 5198-5199.

[31] PARNAMI A, DESHPANDE M, MISHRA K, et al.
Transformation of node to knowledge graph embeddings for
faster link prediction in social networks[DB/OL].(2021-11-17).
https://arxiv.org/abs/2111.09308.

[32] HEH, ARALAE. Aol 55 Hois b s B £ 5L A i
AT [J]. AR HUR, 2021, 37(8): 52-55.

[331 ELEZAJ O, YAYILGAN Y, KALEMI E, et al.
Towards designing a knowledge graph-based framework for
investigating and preventing crime on online social
networks[C]. Cham: International Conference on e-Democracy,
2019: 181-195.

[34] PATEL H, PARASKEVOPOULOS P, RENZ M.
GeoTeGra: a system for the creation of knowledge graph based
on social network data with geographical and temporal
information[C]. Barcelona: 2018 International Conference on
Advances in Social Networks Analysis and Mining
(ASONAM), 2018: 617-620.

[35] T /A, 1. S T An iR P ik i il U R L. (]
PRz, 2022, 42(2): 129-138.

[36] 47 B, 5 o) 55 BRI 3 050 il ) 2 B A 96 40 T ——

DA A TR B 27 B [T, 25 e e 22 e 23R, 2021(4):
90-95.

[37] AEAEZE, S8 Sl iR P 4 i 7 VR E A [D]. DA
KR (A SRERERR), 2015, 34(1): 27-35+89.

[38] Eh k%, R BT LDA @R I 1 A 322
A I BRLRE SIUEAIE I —— LAt P AR A UL 8 A
AN TEARARER, 2021(9): 85-93.

[39] EMbr 8, A P18, BEFERE, &5, HAR 76 M) 5 B
HAT 9 B AR AERTSET]. B SR AN, 2021, 38(04): 15-
26+61.

[40] B, 7 [ 5, B, T AR BT 0 ok R A
B AEWEST[I/OL]. (2021-01-14). IR FLIL 5 928k, http://
kns.cnki.net/kcms/detail/11.1762.G3.20211102.1031.003.html.

[41] XIE T, YANG Y, LI Q, et al. Knowledge graph
construction for intelligent analysis of social networking user
opinion[C]. Cham: International Conference on e-Business
Engineering, 2019: 236-247.

[42] S5 ih, 3240, 255, & KB E B Mgk
IR MR TS BRI, AR, 2018, 41(10):
2394-2420.

[43] BORDES A, WESTON J, COLLOBERT R. Learning
structured embeddings of knowledge bases[C]. San Francisco:
The AAAI Conference on Artificial Intelligence, 2011: 301-
306.

[44] SOCHER R, CHEN D, MANNING D. Reasoning
with neural tensor networks for knowledge base completion[C].
Lake Tahoe: Advances in Neural Information Processing
Systems, 2013: 926-934.

[45] YANG B, YIH W, HE X. Embedding entities and
relations for learning and inference in knowledge bases[C]. San
Diego: The 3rd International Conference on Learning
Representations, 2015: 1-12.

[46] QUOC L, MIKOLOV T. Distributed representations
of sentences and documents[C]. Beijing: The 31st International
Conference on Machine Learning, 2014: 1188-1196.

[47] XN, ISR, MRATHL, &6, FIIRAIR 2% 2 WFFLadt
SR VNS R, 2016, 53(2): 247-261.

[48] WANG Z, ZHANG J, FENG J. Knowledge graph
embedding by translating on hyperplanes[C]. Qubec: The AAAI
Conference on Artificial Intelligence, 2014: 1112-1119.

[49] JI G, HE S, XU L. Knowledge graph embedding via
dynamic mapping matrix[C]. Beijing: The 53rd Annual Meeting
of the Association for Computational Linguistics and the 7th
International Joint Conference on Natural Language Processing,
2015: 687-696.

[50] XIAO H, HUANG M, HAO Y. TransG: a generative
mixture model for knowledge graph embedding[C]. Phoenix:
The AAAI Conference on Artificial Intelligence, 2016:2659-
2665.

[51] TAN H, AGICHTEIN E, IPEIROTIS P, et al. Trust,
but verify: predicting contribution quality for knowledge base
construction and curation[C]. New York: The 7th ACM


http://dx.doi.org/10.3969/j.issn.2096-7020.2021.05.022
https://arxiv.org/abs/2111.09308
http://dx.doi.org/10.3969/j.issn.1002-1167.2022.02.013
http://dx.doi.org/10.3969/j.issn.1002-1167.2022.02.013
http://dx.doi.org/10.3969/j.issn.1672-6057.2021.04.015
http://dx.doi.org/10.3969/j.issn.1673-159X.2015.01.004
http://dx.doi.org/10.3969/j.issn.1673-159X.2015.01.004
http://dx.doi.org/10.3969/j.issn.1673-159X.2015.01.004
http://dx.doi.org/10.3969/j.issn.1673-159X.2015.01.004
http://dx.doi.org/10.3969/j.issn.1673-159X.2015.01.004
http://dx.doi.org/10.3969/j.issn.1005-8095.2021.09.012
http://kns.cnki.net/kcms/detail/11.1762.G3.20211102.1031.003.html
http://kns.cnki.net/kcms/detail/11.1762.G3.20211102.1031.003.html
http://dx.doi.org/10.11897/SP.J.1016.2018.02394
http://dx.doi.org/10.7544/issn1000-1239.2016.20160020
http://dx.doi.org/10.3969/j.issn.2096-7020.2021.05.022
https://arxiv.org/abs/2111.09308
http://dx.doi.org/10.3969/j.issn.1002-1167.2022.02.013
http://dx.doi.org/10.3969/j.issn.1002-1167.2022.02.013
http://dx.doi.org/10.3969/j.issn.1672-6057.2021.04.015
http://dx.doi.org/10.3969/j.issn.1673-159X.2015.01.004
http://dx.doi.org/10.3969/j.issn.1673-159X.2015.01.004
http://dx.doi.org/10.3969/j.issn.1673-159X.2015.01.004
http://dx.doi.org/10.3969/j.issn.1673-159X.2015.01.004
http://dx.doi.org/10.3969/j.issn.1673-159X.2015.01.004
http://dx.doi.org/10.3969/j.issn.1005-8095.2021.09.012
http://kns.cnki.net/kcms/detail/11.1762.G3.20211102.1031.003.html
http://kns.cnki.net/kcms/detail/11.1762.G3.20211102.1031.003.html
http://dx.doi.org/10.11897/SP.J.1016.2018.02394
http://dx.doi.org/10.7544/issn1000-1239.2016.20160020

28 LT A K F R GRAHR)

% 24 %

International Conference on Web Search and Data Mining,
2014: 553-562.

[52] FADER A, SODERLAND S, ETZIONI O.
Identifying relations for open information extraction[C].
Edinburgh: The Conference on Empirical Methods in Natural
Language Processing, 2011: 1535-1545.

[53] 2R, T SCA I AN 542 I BRI E 58 5 [
HI[D]. He#B: WL RHE R, 2016.

[54] SZNAJD K, WERON R. A simple model of price
formation[J]. International Journal of Modern Physics C, 2002,
13(1): 115-123.

[551 YANG Y, WANG Z, PEI J. Tracking influential

individuals in dynamic networks[J]. IEEE Transactions on

Knowledge & Data Engineering, 2017, 29(11): 2615-2628.

[56] FISCHBACH S, ZARZOSA J. Big data on a smaller
scale: a social media analytics assignment[J]. Journal of
Education for Business, 2018, 93(3): 142-148.

(571 SR, g5, RN, 2. 5 TR K SR 50 s
(94132 ) 4% 56 i e ARV D], AR P K27 2R (AR B2 1R,
2016, 46(5): 950-956.

[58] BRELKS, F4N, K8, 5T Hadoop 1~ &5 HUBT VIR I 14
FEAT 2 SRS AT BVE[I]. 2R B R AR (E AR B TR,
2018, 48(4): 590-595.

[59] 340, VI, ZE&F, & AL ML 5 N AL
TERFURTE S B[], & 244, 2017, 14(6): 925-935.

LTI - D

(L4#51851)

[31] SCHULMAN P, KEITH D, SELIGMAN M. Is
optimism heritable? a study of twins[J]. Behavior Research &
Therapy, 1993, 31(6): 569-574.

[32] PAOLILLO A, PLATANIA S, MAGNANO P, et al.
Organizational justice, optimism and commitment to change[J].
Procedia-Social and Behavioral Sciences, 2015, 191: 1697-
1701.

[33] PAPENHAUSEN C. Managerial optimism and
search[J]. Journal of Business Research, 2009, 63(7): 716-720.

[34] HMIELESKI K M, BARON R A. Entrepreneurs’
optimism and new venture performance: a social cognitive
perspective[J]. Academy of Management Journal, 2009, 52(3):
473-488.

[35] XA, #2&, AR, & GNER A Mo 2%
PO AL Sk W []. BHEED 55K, 2016, 33(15):
68-75.

[36] AT, M 4REE, g, AL R BT A B IR
(KIS —— T S RS 5 SE 4 i L TR U Y F (0], e B
PEIg, 2018, 30(9): 110-120.

[37] W LI, W, R A B ERT) . s AR R
B A AR AR K —— T EA LA 28T 7] =
T2 M, 2018(1): 84-89.

[38] WU, THEIE. WA se g REfE . 408 g 5L 5iF
MrHRFRIEFE[I]. SUHITSE, 2015(2): 51-57+94.

[39] 2/, BEREHr B ALl T AT 8 0™ i B FT ST
SO B RRE S S ol R IR S IR T RN T, FST S
JEATHE, 2016, 28(4): 11-21.

[40] 83752, ZA0I. ARkl I B8 77 1% i A 42 T 15t
FFF[I]. ST, 2007(4): 166-167.

[41] B, MA, £ 4. BV, S e 5 v
BOR[T]. BHIFEHE, 2020, 41(8): 148-159.

[42] RICHARD O, WU J, MARKOCZY L, et al. Top

management team demographic-faultline strength and strategic
change: what role does environmental dynamism play?[J].
Strategic Management Journal, 2019, 40(6): 987-1009.

[43] HUANG X, TEOH S H, ZHANG Y. Tone
management[J]. The Accounting Review, 2013, 89(3): 1083-
1113.

[44] HENRY E, LEONE A J. Measuring qualitative
information in capital markets research: comparison of
alternative methodologies to measure disclosure tone[J]. The
Accounting Review, 2015, 91(1): 153-178.

[45] LOUGHRAN T, MCDONALD B. When is a liability
not a liability? textual analysis, dictionaries, and 10-ks[J]. The
Journal of Finance, 2011, 66(1): 35-65.

[46] PRICE M K, DORAN J S, PETERSON D R, et al.
Earnings conference calls and stock returns: the incremental
informativeness of textual tone[J]. Journal of Banking &
Finance, 2012, 36(4): 992-1011.

[47] R, ZA055, 57 3 BEARSE R 5 Sl e 4
PREE[T]. L5 5E, 2003(7): 60-67+91.

[48] GENTRY R J, SHEN W. The impacts of performance
relative to analyst forecasts and analyst coverage on firm R& D
intensity[J]. Strategic Management Journal, 2013, 34(1): 121-
130.

[49] BUSENITZ L W, BARNEY J B. Differences between
entrepreneurs and managers in large organizations: biases and
heuristics in strategic decision-making[J]. Journal of Business
Venturing, 1997, 12(1): 9-30.

[50] DIAZ-FERNANDEZ M C, GONZALEZ-
RODRIGUEZ M R, SIMONETTI B. Top management teams'
demographic characteristics and their influence on strategic
change[J]. Quality & Quantity: International Journal of
Methodology, 2015, 49(2): 1305-1322.

[51] ¥R, M, ). VAR BURF 655
PR T]. AT 9T, 2007(10): 123-142.

OB R


http://dx.doi.org/10.1080/08832323.2018.1433123
http://dx.doi.org/10.1080/08832323.2018.1433123
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1672-884x.2017.06.016
http://dx.doi.org/10.1080/08832323.2018.1433123
http://dx.doi.org/10.1080/08832323.2018.1433123
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1672-884x.2017.06.016
http://dx.doi.org/10.1080/08832323.2018.1433123
http://dx.doi.org/10.1080/08832323.2018.1433123
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1672-884x.2017.06.016
http://dx.doi.org/10.1080/08832323.2018.1433123
http://dx.doi.org/10.1080/08832323.2018.1433123
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2016.05.009
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1001-0505.2018.04.002
http://dx.doi.org/10.3969/j.issn.1672-884x.2017.06.016
http://dx.doi.org/10.1016/j.sbspro.2015.04.479
http://dx.doi.org/10.5465/amj.2009.41330755
http://dx.doi.org/10.6049/kjjbydc.2016030620
http://dx.doi.org/10.3969/j.issn.1004-5937.2018.01.016
http://dx.doi.org/10.3969/j.issn.1004-5937.2018.01.016
http://dx.doi.org/10.3969/j.issn.1003-2886.2015.02.007
http://dx.doi.org/10.3969/j.issn.1004-8308.2016.04.002
http://dx.doi.org/10.3969/j.issn.1004-8308.2016.04.002
http://dx.doi.org/10.1002/smj.3009
http://dx.doi.org/10.1111/j.1540-6261.2010.01625.x
http://dx.doi.org/10.1111/j.1540-6261.2010.01625.x
http://dx.doi.org/10.1002/smj.1997
http://dx.doi.org/10.1016/S0883-9026(96)00003-1
http://dx.doi.org/10.1016/S0883-9026(96)00003-1
http://dx.doi.org/10.1016/j.sbspro.2015.04.479
http://dx.doi.org/10.5465/amj.2009.41330755
http://dx.doi.org/10.6049/kjjbydc.2016030620
http://dx.doi.org/10.3969/j.issn.1004-5937.2018.01.016
http://dx.doi.org/10.3969/j.issn.1004-5937.2018.01.016
http://dx.doi.org/10.3969/j.issn.1003-2886.2015.02.007
http://dx.doi.org/10.3969/j.issn.1004-8308.2016.04.002
http://dx.doi.org/10.3969/j.issn.1004-8308.2016.04.002
http://dx.doi.org/10.1002/smj.3009
http://dx.doi.org/10.1111/j.1540-6261.2010.01625.x
http://dx.doi.org/10.1111/j.1540-6261.2010.01625.x
http://dx.doi.org/10.1002/smj.1997
http://dx.doi.org/10.1016/S0883-9026(96)00003-1
http://dx.doi.org/10.1016/S0883-9026(96)00003-1
http://dx.doi.org/10.1016/j.sbspro.2015.04.479
http://dx.doi.org/10.5465/amj.2009.41330755
http://dx.doi.org/10.6049/kjjbydc.2016030620
http://dx.doi.org/10.3969/j.issn.1004-5937.2018.01.016
http://dx.doi.org/10.3969/j.issn.1004-5937.2018.01.016
http://dx.doi.org/10.3969/j.issn.1003-2886.2015.02.007
http://dx.doi.org/10.3969/j.issn.1004-8308.2016.04.002
http://dx.doi.org/10.3969/j.issn.1004-8308.2016.04.002
http://dx.doi.org/10.1016/j.sbspro.2015.04.479
http://dx.doi.org/10.5465/amj.2009.41330755
http://dx.doi.org/10.6049/kjjbydc.2016030620
http://dx.doi.org/10.3969/j.issn.1004-5937.2018.01.016
http://dx.doi.org/10.3969/j.issn.1004-5937.2018.01.016
http://dx.doi.org/10.3969/j.issn.1003-2886.2015.02.007
http://dx.doi.org/10.3969/j.issn.1004-8308.2016.04.002
http://dx.doi.org/10.3969/j.issn.1004-8308.2016.04.002
http://dx.doi.org/10.1002/smj.3009
http://dx.doi.org/10.1111/j.1540-6261.2010.01625.x
http://dx.doi.org/10.1111/j.1540-6261.2010.01625.x
http://dx.doi.org/10.1002/smj.1997
http://dx.doi.org/10.1016/S0883-9026(96)00003-1
http://dx.doi.org/10.1016/S0883-9026(96)00003-1
http://dx.doi.org/10.1002/smj.3009
http://dx.doi.org/10.1111/j.1540-6261.2010.01625.x
http://dx.doi.org/10.1111/j.1540-6261.2010.01625.x
http://dx.doi.org/10.1002/smj.1997
http://dx.doi.org/10.1016/S0883-9026(96)00003-1
http://dx.doi.org/10.1016/S0883-9026(96)00003-1

	引言
	一 大数据时代社交网络舆情主题图谱的国内外研究现状
	一 舆情、社交网络舆情到知识图谱、社交网络舆情主题图谱
	1 社交网络舆情
	2 社交网络舆情主题图谱

	二 网络舆情主题图谱国内外研究现状
	1 网络舆情分析方面
	2 知识图谱方面
	3 基于社交网络分析相关技术舆情主题图谱挖掘方面
	4 国内外知名企业及学者相关研究方面


	二 大数据驱动的社交网络舆情主题图谱研究定位
	三 大数据驱动的社交网络舆情主题图谱知识表示
	四 大数据驱动的社交网络舆情主题图谱更新推理
	一 图谱的知识更新
	二 图谱的知识推理
	三 图谱质量评估

	五 大数据驱动的社交网络舆情主题图谱构建
	一 数据采集与语义内容识别
	二 语义关联与语义标注

	六 大数据驱动的社交网络舆情主题图谱分析
	一 关键节点分析
	二 关键路径分析
	三 网络结构影响力分析
	四 趋势模型分析：舆情预测

	七 大数据驱动的社交网络舆情调控与应用前景
	一 经济网络监控
	二 面向舆情的政府知识管理
	三 突发事件预警

	八 总结与展望

